1 tool (http://scbb.ihbt.res.in/SCBB_dept/filter.php). FilteR detects adapter sequence contamination as well as poor read quality and uses the quality scoring scheme provided by Illumina. It also provides "Recommender" option to decide the suitable cut-off to perform read screening by calculating average read quality positionally. This helps selective trimming of the reads rather than discarding the entire read. K-mer frequency measurement was performed to filter out reads with lower k-mer frequency for default value, which could be a result of sequencing error.
De novo assembling of high quality reads was performed using SOAPdenovo 6 program. The high quality reads were split into smaller fragments, the "k-mers", for assembly to produce contigs, using the de Bruijn graph. K-mer size of 21 achieved the best balance between the number of contigs produced, coverage and average sequence length attained. PE option of assembling with distance of 200 bp was applied for more effective assembling of PE reads. The same parameters was also used to build the scaffold sequences by merging two contigs into single scaffold sequence that shared the read pairs. Protocol used in de novo assembling and transcript analysis of assembled sequences is shown in Supplementary Fig. S7 as described previously 1 .
Sequence redundancy was removed by searching similar sequences with minimum similarity cut-off of 95% using CD-HIT-EST 7 . CD-HIT was used for further clustering with 90% similarity cut-off. The algorithms for various clustering programs differed in their approach of clustering and combined use of such clustering tools with different algorithms are reported to yield better results 6 . For the same reason clustering process was supplemented with TGICL-CAP3 8 clustering based on terminal region matching for at least 40 bp and 90% identity. The resulting singletons and consensus contigs were merged to get the final list of assembled transcripts. A set of script was developed to detect contigs/scaffolds that had no sequence similarity but belonged to same gene"s different regions. These were clustered together to represent as a single transcript. The best BLASTX hits for all contigs were looked for common NR database ID for a particular gene/peptide and all associated contigs showing highest similarity to the same sequence but its different regions, were assigned to the same ID group. Genes with same ID groups were considered unigenes.
Transcript abundance measurement
Mortazvi et al. 4 developed read per exon kilobase per million (RPKM)-based method to analyse expression level of unigenes. In brief, filtered reads were mapped back to unigene to calculate total reads mapping the unigene. Mapping was done with 2 mismatches using SeqMap tool. RPKM value was calculated using rSeq tool (Supplementary Table S1 ) employing the following formula: RPKM = (number of reads mapping on unigene) X 1000 X 1 million reads/[(length of unigene)*(number of total reads in experiment)] 4 .
Reads mapping to unigenes
Since this is a de novo assembling problem where reference of guide sequence is unavailable, alignment to gene at genomic structure was not possible, nor it would be reliable to align with some known genome of some related species. The quantification of genes abundance was measured by mapping/aligning the reads over the assembled unigene sequences, as per the well established protocol described previously. Significant differentially expressed unigenes were identified using edgeR tool which compares the RPKM values of unigene in two different conditions and statistically evaluates the significance change in gene expression ( Supplementary Fig. S7 ).
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